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CopepxaHune

[cn Ckonbko HyXHo GPU, 4yTobbl BHeapuTb NLP?
B NHbpacTpykTypa ond ronoCcoBbiX pO60TOB: MOXHO 1 Ha CPU
i Inference-nnaTt¢popma: rnobanbHbI NOAX04 K SKOHOMUK UMK

NULLIHKWE 3aTpaThl?
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Inference

e Aguessthat you make or an opinion that you form based on
the information that you have.

Training

e The process of learning the skills youneedtodo a
particular job or activity.




Inference vs Training
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Large Language Models



NOC/NE OAHHOIO CIAUAOA
NPE3EHTALWMA B NMPOLIECCE
PEOAKTUPOBAHUSA



ABTOMaTM3aLMSA Harpy>XEHHbIX NPOLLECCOB = 3KOHOMMS

Experiencing Positive ROl From GenAl Use Cases

Q20new: Are you seeing positive ROl from GenAl use cases in production?

Unsure

5% \
No
ﬁ

9%

We're not specifically
measuring ROlon
Generative Al

21%

NCTOYHUK

65%

Type of GenAl Models / LLMs Currently Using

Q19new: Are you currently using any of the following GenAl models / LLMs?

Yes, in Yes, in No, but No, and we
production exploration we plan to have no plan to

Hosted LLM
Services

43% 42% 8% 7%
Self-Hosted
Open-Source LLMS

14% 42% 20% 23%
Other GenAl
Models

18% 47% 24% 10%


https://blog.dataiku.com/surprising-stats-about-the-state-of-ai-today
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Inference: 6UTBa 3a TOKEHDI

Output Speed: Llama 3.1 70B

Output Tokens per Second; Higher is better; 1,000 Input Tokens
Grog (private endpoint): 8k context, N=100 requests; Tested: 9 September 2024
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ChatGPT: 3 500+ cepeepor NVIDIA HGX A100




3aH1MaTeNbHbIU GaKT U3 pearibHOU XU3HU

2 ronocoBbIX po60Ta MOryT OAHOBPEMEHHO
paboTtaTb Ha ogHOM aape CPU ¢ 3apepxkoun
1-2 cekyHObl.

NCTOUYHUK



https://selectel.ru/blog/case-robotmia/

Training: 6uTBa 3a 06bLEM MaMATH

16,384

Llama 3.14058B g(\)/gAHmo

NCTOUYHUK



https://www.datacenterdynamics.com/en/news/meta-report-details-hundreds-of-gpu-and-hbm3-related-interruptions-to-llama-3-training-run/

Elle oanH 3aHMMaTenbHbIN PaKT N3 peanbHOM XU3HU

Tpe6oBaHua K naMmaTtn LLama 3.1 8B + KOHTEKCT

B KoHtekct [ Mogenb
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18 GB
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32 GB

8B + 128k tokens

Nnnavncnonb3oBaHuda LLama
8B nocTtaTouyHO OgHOU
NVIDIA Tesla A100 40GDb

NCTOUYHUK



https://vk.com/selectel?z=video-11462611_456239417%2Fvideos-11462611%2Fpl_-11462611_-2

Inference-nnaTpopmMa



«Knaccunyecknm» nyte ML-mogenu oo Inference
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BHYTpU inference-nnaTtpopmbl

-

\_

s D
S3
0 )
s D
Managed K8S
0 VY
e D
Selectel
File Storage
0 VY
NHbpacTpykTypa
Selectel

[lononHeHuqa

CuCTEMHbIE KOMIMOHEHTHI

~

/

-~

\_

OpenSource pelueHund

NHpepeHc

/




INnfrastructure yek-nncT



BaxxHO nogyMaTb Hag BONPOCaMy:

QORADN =

Kakyto NLP-TexHonoruo peleHo ncnonb3oBsaTb?

EcTb v o60CcHOBaHWe BHeapeHUd nnun HyxeH PoC?

ECTb i oTBETCTBEHHbIE OT IT 1 Lenesoro busHec-nogpasgeneHna?
KakoBa npeanonaraeMas Harpy3ka Ha UTOroBblvt CEpBUC?

Hy>Ho nn gpooby4yaTtb ML-Moaenun?

[NoaxoauTt nu popmMaT cobmpaemMblix bU3Hec-gaHHbIX ANd O0byyeHuns
ML-mopoenen?

Hy>HbI M1 N30nMpoBaHHbIE KOHTYpPbI ANnd training n inference?

[0e npoBecTu TeCThl pa3Hbix GPU noa 3apayy?

Kynutb GPU-cepBepbl nu apeHaoBaTbh?

TpebyeTtca nu cobnogatb 152-037?

Kakoun CTeK UHCTPYMEHTOB 6yaeT UCNONb30BaTbCA?

ECTb N Heobx0aANMblE KOMNETEHLNN?



Selectel — npoBangep ona ML

NHppacTpykTypa Selectel On-Premise
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OcTanucb BONPOCHI?
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